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Abstract

These days, the social implementation of artificial intelligence (AI) is rapidly proceeding, e.g. driver
assist of automobiles and smart speakers. Meanwhile, in the medical field, a plethora of studies utilizing Al
have been reported in recent years, and the Japanese government have approved an Al-based medical device
late last year. Cooperation and mutual understanding between Al researchers and medical doctors (and bio-
medical researchers) are vital for Al advancement in the medical field, but it has some difficulties finding
suitable information about Al. Most of the study reports in the medical field omit details of Al implementa-
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tion, data processing and pitfalls. On the other hand, expositions about Al itself are filled with equations and

programming codes which make many people in the medical field hesitate. In this report, focusing on bio-

medical research and Al image processing, basics of Al were explained in plain words.

Key Words: Al, Machine learning, Deep learning, Image processing, Biomedical research.
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Convolutional Neural Network
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